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LSA(I) 2R : Latent Sematic Analysis (Indexing)
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A C Deerwester,1990 )
£7FR : probabilistic Latent Semantic Analysis (Index)
QBTN (i3 : EFE—ASY , BTSN E
( Hof , 1999 )
Tt < o } Topic model ...
LDA £7FR : Latent Dirichlet Allocation
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( Teh,2005)
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« TM 2—##soft co-clustering
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Z WAHHYE: Topic Modeling Ensembles. ICDM 2010
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